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PASCAL_VOC_CLASSES = {“person”: 1}
7 PASCAL_VOC_CLASSES = {"person”: 1, "bird”: 2, “cat”: 3, “cow”: 4, "dog”: 5,
“horse”: 6, “sheep”: 7, “aeroplane”: 8, “bicycle”: 9,
“boat”: 10, "bus”: 11, “car”: 12, “motorbike”: 13,
“train”: 14, “bottle”: 15, “chair”: 16, “diningtable”: 17,
“pottedplant”: 18, “sofa”: 19, “tvmonitor”: 20, “face”: 21}’

” ”

3

TXT DIR = ”. /data_process/datal. txt”

PASCAL_VOC DIR = ”. /dataset/my_dataset/”
PASCAL_VOC_ANNOTATION = PASCAL_VOC_DIR + “Annotations”
PASCAL VOC IMAGE = PASCAL VOC DIR + "JPEGImages”
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To silence this warning, decorate the function with @tf. autograph. experimental. do_not_convert
Epoch: 1/10, step: 1/25.0, loss: 22.13652

Epoch: 1/10, step: 2/25.0, loss: 17.87612

Epoch: 1/10, step: 3/25.0, loss: 17.77104

Epoch: 1/10, step: 4/25.0, loss: 16.97855

Epoch: 1/10, step: 5/25.0, loss: 15.89847

Epoch: 1/10, step: 6/25.0, loss: 15.32655

Epoch: 1/10, step: 7/25.0, loss: 14.02430

Epoch: 1/10, step: 8/25.0, loss: 14. 65469

Epoch: 1/10, step: 9/25.0, loss: 13.47237

Epoch: 1/10, step: 10/25.0, loss: 12.66751
Epoch: 1/10, step: 11/25.0, loss: 11.70530
Epoch: 1/10, step: 12/25.0, loss: 11.32792
Epoch: 1/10, step: 13/25.0, loss: 10.88313
Epoch: 1/10, step: 14/25.0, loss: 10. 40961
Epoch: 1/10, step: 15/25.0, loss: 10.16978
Epoch: 1/10, step: 16/25.0, loss: 10.00631
Epoch: 1/10, step: 17/25.0, loss: 9. 75460

Epoch: 1/10, step: 18/25.0, loss: 9.30929
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Epoch: 1/10, step: 15/25.0, loss: 10.16978
Epoch: 1/10, step: 16/25.0, loss: 10.00631
Epoch: 1/10, step: 17/25.0, loss: 9.75460
Epoch: 1/10, step: 18/25.0, loss: 9.30929
Epoch: 1/10, step: 19/25.0, loss: 8.97344
Epoch: 1/10, step: 20/25.0, loss: 8.79533
Epoch: 1/10, step: 21/25.0, loss: 8.46958
Epoch: 1/10, step: 22/25.0, loss: 8.25396
Epoch: 1/10, step: 23/25.0, loss: 8.11276
Epoch: 1/10, step: 24/25.0, loss: 7.86405
Epoch: 1/10, step: 25/25.0, loss: 7.63584
Epoch: 2/10, step: 1/25.0,
Epoch: 2/10, step: 2/25.0,
Epoch: 2/10, step: 3/25.0, loss: 3.02337
Epoch: 2/10, step: 4/25.0, loss: 2.60890

0, loss: 3.16929
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Epoch: 2/10, step: 5/25.0, loss: 2.35519

0

0

0

loss: 3.86165

Epoch: 2/10, step: 6/25.0, loss: 2.18449
Epoch: 2/10, step: 7/25.0, loss: 1.97902
Epoch: 2/10, step: 8/25.0, loss: 1.90611


http://127.0.0.1:8888/notebooks/write_voc_to_txt.ipynb
http://127.0.0.1:8888/notebooks/train_from_scrach.ipynb

-FlJUChZ 2710, step: 1720.0, loss. 1. 91902
Epoch: 2/10, step: 8/25.0, loss: 1.90611
Epoch: 2/10, step: 9/25.0, loss: 1.82738
Epoch: 2/10, step: 10/25.0, loss: 1.76581
Epoch: 2/10, step: 11/25.0, loss: 1.81190
Epoch: 2/10, step: 12/25.0, loss: 1.78537
Epoch: 2/10, step: 13/25.0, loss: 1.75409
Epoch: 2/10, step: 14/25.0, loss: 1.69916
Epoch: 2/10, step: 15/25.0, loss: 1.64391
Epoch: 2/10, step: 16/25.0, loss: 1.60727
Epoch: 2/10, step: 17/25.0, loss: 1.57189
Epoch: 2/10, step: 18/25.0, loss: 1.54338
Epoch: 2/10, step: 19/25.0, loss: 1.52414
Epoch: 2/10, step: 20/25.0, loss: 1.51145
Epoch: 2/10, step: 21/25.0, loss: 1.48612
Epoch: 2/10, step: 22/25.0, loss: 1.45667
Epoch: 2/10, step: 23/25.0, loss: 1.45394
Epoch: 2/10, step: 24/25.0, loss: 1.43705
Epoch: 2/10, step: 25/25.0, loss: 1.42224
. Epoch: 3/10. steo: 1/25.0. loss: 1.07708

Epoch: 9/10, step: 7/25.0, loss: 0.84845
Epoch: 9/10, step: 8/25.0, loss: 0.86551
Epoch: 9/10, step: 9/25.0, loss: 0.88401

Epoch: 9/10, step: 10/25.0, loss: 0.89467
Epoch: 9/10, step: 11/25.0, loss: 0.89928
Epoch: 9/10, step: 12/25.0, loss: 0.92071
Epoch: 9/10, step: 13/25.0, loss: 0.91403
Epoch: 9/10, step: 14/25.0, loss: 0.91161
Epoch: 9/10, step: 15/25.0, loss: 0.89645
Epoch: 9/10, step: 16/25.0, loss: 0.89991
Epoch: 9/10, step: 17/25.0, loss: 0.89482
Epoch: 9/10, step: 18/25.0, loss: 0.89303
Epoch: 9/10, step: 19/25.0, loss: 0.90167
Epoch: 9/10, step: 20/25.0, loss: 0.90146
Epoch: 9/10, step: 21/25.0, loss: 0.90074
Epoch: 9/10, step: 22/25.0, loss: 0.89688
Epoch: 9/10, step: 23/25.0, loss: 0.89649
Epoch: 9/10, step: 24/25.0, loss: 0.89649
Epoch: 9/10, step: 25/25.0, loss: 0.90267
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